DATA'AI

Data Lakehouse
for International
y N
y N
A—

Rescue Committee
(IRC)

Samir Souidi
JUNE 10-13, 2024



About the Speaker

Samir Souidi is a Data Architect at the International
Rescue Committee, leading the deployment of the
Data Lakehouse architecture.

With over 20 years in IT, he specializes in data-
driven solutions, technology optimization, and digital
transformation.

Samir is also a travel foodie who enjoys interacting
with local cultures.
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International Rescue Committee (IRC)

IRC helps people affected by humanitarian crises—including the climate crisis—to survive,
recover, and rebuild their lives.
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have been people don’t have staying to help caught in crisis,
upended by war, the support they countries stabilize encouraging
conflict and natural need to recover from  and people rebuild governments to work
disasters crisis their lives smarter and do more
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IRC — Impact at a glance

32.9 million+

People in countries reached by the IRC
and partners in 2022

1.4 million+ $109.7 M
People reached with Distributed in cash
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3,137 222,278
’ Treated children
Supported health i
facilities under 5 for severe

acute malnutrition

807,853 8 million+
Enrolled children Provided primary
and youth in health care

learning programs consultations
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IRC Strategy

IRC Strategy100 IRC Data Ambition
The goal of Strategy100 is to make our  Strengthen and enable systematic use of
programs a model for the global data across the organization.

humanitarian response. We aim to deliver

high-quality, cost-effective programs—on « Enhance skills and culture of data use.

our own and with local partners. We wil « Improve data collection and visualization.
combine research on programs that work
best with insights driven by those we serve, « Utilize advanced data management tools.

to reshape the way the world helps those in
need. With this we want to make
empowerment and lasting change the norm.
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IRC — Data Analytics Process
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Challenges

Silos in databases and data models.
Reporting data limited to
function/process-defined data mapping
and integration.

Time-consuming data transformation to
fit current department/unit needs.
Limited capacity for cross-sharing
knowledge of data model build-up.
Data quality issues.

Current technology stack limitations.
Lengthy process to access data.
Limited data catalog across IRC
databases.

No Enterprise IRC Data Warehouse.
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IRC Lakehouse

Data Architecture Principles

Simplicity Trust Standardization ~ Consistency Reuse

Security &

Openness Transparency Privacy

Scalability

The Enterprise Data Lakehouse will support better decision-
making, enhance operational efficiency, and help IRC achieve
its Data S100 goals more effectively.

DATA'AI SUMMIT ©2024 Databricks Inc. — All rights reserved $ 8



IRC — Data Analytics Process

Current Architecture: Lakehouse and Medallion Architecture
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IRC - Lakehouse Architecture
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Deployment Finance Lakehouse
Dynamcis365 F&O to Lakehouse with streaming DLT + dbt
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Deployment Azure log dit

Azure Databricks audit log and Monitoring
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Deployment Unity Catalog

One catalog source — build trust and transparency
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Benefits of the Data Lakehouse Implementation

. Near real-time access to data for data analysis.
. A simpler process to access data
. Reduce the data redundancy

. Cost efficiency and scalable based on the demand, not one
size fits all

. Allow decision-makers to be better informed and on time.

. Monitoring projects and grants at near-closed

. One data dictionary
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Future Project

Signpost Al — information access
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Signpost is a community-led
information service that empowers its
clients in times of crisis. Signpost
delivers critical information through
staff equipped with digital tools, digital
channels and social media — providing
communities with timely and actionable
information to make critical decisions
on the issues that matter most to them.

Signpost Al — Multilingual real-time
translation and information retrieval for
displaced people through Al-powered
personalized answer generation
addressing clients' immediate needs
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